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(Box, Jenkins, Reinsel, & Ljung, 2015 P428-468; Kaminski, Ding, Truccolo, & Bressler, 2001; Wei, 1994,
PP289-332)

Y(t)= g(eV™-eV2)/(T1-T2) 1)
eyl culgl) Jia T1L,T2 1) Gus
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Llaiay) L) AE)

PNN L hlais) g 3eys.1990 leProbabilistic neural  dlaa¥) duasll 4<uill Specht i)l
Soily Canaill 8 anans Lalady Alaal) A s ddanle LeleY) Akl Gl AlaaY) AN ey
(Chen, auadl) dahall Jasg 8 Bang Jaxindiy (RBF eledl) Gulud) dlls 3K ailin Bdlaa) A<l L 3ylals
Yang, Dong, & Abraham, 2005; Demuth, 2002, PP7-10; Saad, Prokhorov, & Wunsch,

t1a8) JSal DA e ddlaaY) ASuill & jlenall Al i (Sass 1998; Zhang, 2003)

Input Radial Basis Layer Competitive Layer

N7 N 5 R

Where...

R = number of
elements in
input vector

al =radbas (|| IWL1-p || bil) a2 = compet(LW21a1)

alis ith element of at where IWuilis a vector made of the / th row of TW11

© = number of input/target pairs = number of neurons in layer 1
K = number of classes of input data = number of neurons in layer 2

Demuth, 2002, PP7-9cdumasl) Ldlaiay) A<udd) A< Jia 1108
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PO e
(transpose operation) Jigaill didee Jias : T
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Saiil) 4By Ll
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Zhang, 2003)

(Mean square error): Uaall cilasye Jasa 11
n

MSE = &’ (6)

t=1
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— 3 €t *
MAPE = le—t 100 (7
:(Coefficient of determination) wasill Jalas :3
R? = SSR/SST 8)
Where:
SST = Total sum of square = X (y(i)-i(y))? ;fori=1,2, ..., n
SRR =Regression sum of square= X (y(i)-(y))? ;fori=1,2, ..., n
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t y t y t y t Y
1 0.6 16 1.25 31 1.2 46 0.46
2 1.29 17 4.4 32 1.87 47 0.24
3 1.7 18 2.34 33 0.83 48 0.18
4 3.62 19 2.05 34 0.74 49 0.44
5 1.78 20 3.02 35 1.06 50 0.34
6 1.45 21 2.3 36 0.55 51 0.08
7 5.43 22 1.54 37 0.69 52 0.53
8 2.43 23 1.4 38 0.91 53 0.42
9 1.11 24 2.3 39 0.47 54 0.21
10 2.08 25 1.8 40 0.69 55 0.21
11 4.29 26 1.33 41 0.92 56 0.04
12 2.65 27 0.78 42 0.4 57 0.01
13 3.87 28 0.98 43 0.61 58 0.08
14 4.41 29 1.1 44 0.25 59 0.8
15 2.53 30 0.67 45 0.52 60 0.12

61 0.17
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Abstract

This paper aimed to compare the modern methods of cash flow forecasting with the traditional ones. In other
words, the researcher compared between the Probabilistic Neural Networks and Transfer Function. It is worth
mentioning that cash flow forecasting , nowadays, is very important and helps the upper management plan,
control, assess the performance and make decisions. More specifically, in this paper, the Artificial Neural
networks were used to diagnose the nature of the cash flow for the next period of time and then forecast the cash
flow. The experiment was conducted in The General company for Electricity Distribution in Baghdad. The study
found out that the best type of cash flow forecasting is the Probabilistic Neural Networks, which provide a

robust and flexible tool for processing since they are characterized for being self-adaptive and qualitative.

Keywords: transfer function, probabilistic networks, cash flow forecasting, artificial neural networks.
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